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|_ogistic regression |oss revisited
Ji:(O) = Jlr(e 0o)

= _ZLnu (072 +60), y" )+ A0IP (A > 0)

¢ A “regulanzer or “penalty” R(6) = \||0]]°
* Penalizes being overly certain
* Objective is still differentiable & convex (gradient descent)

\ "/
A= IA=001 \ A=0.1
il | \ 40 4+
| snl 304
204
51 10 + /
104 S
e w s N 5 N
10 5 T 5 10

 How to choose hyperparameter? One option: consider
12 a handful of possible values and compare via CV



